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Fig. 4: Case 3. Revealing location of up/down regulated hsa-miR-210-3p.

select and mark the head and tail sections with red and green colors. Rearranging
again the view using all genes, it smoothly returns to its original configuration,
revealing that this miRNA is overexpressed in KIRC [6].

4 Conclusion and future work

We have presented an interactive DR method able to produce two lively updated
projections of samples and genes, that can be conditioned by subsets of the
samples or the genes. The results presented through three case studies on TCGA
data, show how biomedically relevant patterns and relationships can be found,
and suggest this may be powerful approach for exploration of gene expression
data in combination with gene expression matrix visualization techniques.
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